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Gendered LinGuistiCs: A LArGe-sCALe teXt
AnALysis OF u.s. senAte CAndidAte debAtes
Martha E. Kropf and Emily Grassett

E

ven as United States voters consider former Senator and Secretary of State
Hillary Clinton for the highest office in the land, no one can deny that
women are underrepresented in political office. According the Center for
American Women and Politics (CAWP), as of 2015 only about 20% of the
House and Senate are women (Center for American Women and Politics,
2016). Such uneven representation has motivated scholars such as Evans and
Clark (2015) to theorize that this out-group status causes “women candidates
[to] adopt a different style of communication during their campaign to both
combat stereotypes and to distinguish themselves from male candidates”
(Evans & Clark, 2015, p. 2). Indeed, in examining tweets in 2012, they found
women did tweet more attacks and more women’s issues when there were
fewer women in the race.
Yet this finding about communication style is not consistent. For example,
Banwart and McKinney (2005) examined differences in style between men
83
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and women by examining four different mixed-gender debates (two gubernatorial debates and two United States Senate debates). They examined use
of attacks, types of appeals, issues discussed, candidate traits, and messaging
strategies. Statistically speaking, the authors found very little difference in the
styles of females and males. The scholars argued that candidates adapt their
communication styles so that neither masculine nor feminine communication styles dominate.
Yet, we wonder if debate style is more than types of attacks, appeals, issues discussed, or more accurately, other big-picture elements of communication. An ever-growing body of research suggests that the type of words
that a person uses in speaking and writing can provide information about the
underlying personality of the person, including motives and thoughts (e.g.,
Pennebaker, Mehl, & Niederhoffer, 2003). Newman, Groom, Handelman,
and Pennebaker (2008, p. 216) argue that “this approach to language suggests that differences in how individuals communicate can sometimes be as
meaningful as what they communicate.” Psychologist James W. Pennebaker
and his colleagues have developed software that enables large-scale analysis of word choice in other political contexts. The software, called Linguistic
Inquiry and Word Count (LIWC), has been utilized in studying political content, for example, in congressional speeches (e.g., Pearson & Dancey, 2011;
Yu, Kaufmann, & Diermeier, 2008) and analysis of messages tweeted during
local mayoral and city council races (Kropf, 2014). The software counts the
use of different parts of speech, particularly connector words and pronouns
(I, we, he), but also categorizes the types of words communicated. That is,
given text of a speech, the software indicates the percentage of the words used
in one piece of writing/speaking that classifies not only parts of speech used,
but also measures emotional tone and cognitive processes. For example, the
software categorizes the words maddening and suffering as indicative of negative emotions. It classifies folks, family, and forgave as social words, indicating a person who interacts more with other people. Pennebaker, Chung,
Ireland, Gonzales, and Booth (2007) have developed and validated dictionaries of indicator words that measure “various emotional, cognitive, and structural components present in individuals’ verbal and written speech samples”
(Pennebaker et al., 2007, p. 3).
This allows us to take a different approach here and ask the research question: What are the differences in word usage between male and female U.S.
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Senate candidates in their responses to debate questions and in rebuttals?
Using 16 U.S. Senate debates spanning the years 2010–2014, we analyze candidate statements in this context. Our results indicate that women and men
candidates have very few differences in language use.

wOrd ChOiCe in debAte styLe
Thousands of articles have been written about various aspects of political
candidate debates, but the vast majority of the research examines presidential
debates (McKinney & Carlin, 2004). Even fewer report on gendered
differences in candidate debates (but see Banwart & McKinney, 2005). Banwart
and McKinney (2005) use literature examining differences in campaign
advertisements to build a theoretical framework for their empirical analyses
of debatestyle. Banwart and McKinney (p. 357) invoked the idea of videostyle,
particularly utilizing the gendered framework in the work of Bystrom, Banwart,
Kaid, and Robertson (2004). The framework focused on types of appeals, issue
discussion, and qualifications/traits in a variety of communication formats.
Banwart and McKinney note that political advertisements are far more
controlled in message than debates; but the framework provides a useful
coding scheme in examining candidate statements. Banwart and McKinney
find no statistical difference between male and female candidates. They argue
that women seemed to be adopting a more masculine debate style, and suggest
women candidates might be aware of gender stereotypes and are attempting
to adapt accordingly.
While current research does not indicate a distinctive debatestyle that
differentiates men and women, much vote-choice research indicates that potential voters do sometimes see candidates through the lens of gender—even
when voters profess not to possess gender stereotypes. For example, early work
by Alexander and Andersen (1993) gave a detailed description about how a
candidate’s gender is not typically considered by voters but stereotypes and
gender roles do influence voters. The results of their survey found that voters
do not agree with outward gender stereotypes, but when asked about specific
issues, the respondents said women would be better at traditionally women’s
issues (health care, education, and poverty) and men would be better at male
issues (foreign policy, military, and the economy).
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More recent research indicates that these stereotypes persist, but the effects are potentially more subtle than a simple belief that women should have
a certain role (e.g., a leader or not). There are many examples of such research.
Dolan and Lynch (2014) argue that stereotypes help the average person create shortcuts to evaluate candidates. However, they also found that the party
of the candidate, for females, plays a role in the stereotypes about that candidate. For instance, Dolan and Lynch argue that “people who hold traditional stereotypes about female traits are more likely to vote for Republican
women” (Dolan & Lynch, 2014, p. 669). They conclude that while the candidate’s gender plays a role in deciding whether a candidate is qualified or not,
there are many other factors that contribute to that decision as well. Dolan
(2014) builds upon Dolan and Lynch and found that while gender plays an
abstract role in evaluating women candidates, party affiliation plays more of
a role. Both analyses come from a survey of 3,000 adults regarding the 2010
U.S. House races across 29 states. This does not take away from our study, but
reminds us that our control variables will need to include political party and
incumbency to be sure that we are isolating the proper effects.
Further building on the idea that the effects of gender are subtle, but persistent, other research indicates that female candidates believe they must be
more prepared than male candidates when they run. Fulton (2012) studied
the quality of candidates and concluded that “relative to men, women have
to work harder at developing greater political quality to be equally competitive” (Fulton, 2012, p. 310). Because women tend to be challenged within their
party as well as outside of it, the candidates who continue their campaigns
tend to be more qualified than their male counterparts.
Combining the literature about voter stereotypes and gender differences
in communication, we wonder why research results in gender differences in
communication style should ever vary. Perhaps the issue is measurement.
Specifically, coding involves big-picture issues rather than the smaller, more
likely unconscious word choice—for example, something so unconscious as
using the word I versus using the word we. The issue may also be sample size.
With manual coding, naturally, case studies or smaller sample sizes dominate
the research because coding is so intensive and reliability checks demand
multiple coders. With a smaller sample size, scholars lose leverage that might
allow them to observe the relationship between gender, party affiliation, candidate experience, and gendered style.
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In examining studies of rhetoric and communication that analyze word
choice, studies with larger sample sizes are beginning to establish that there
are differences between how women and men use particular words and that
word choice is meaningful. Newman, Groom, Handelman, and Pennebaker
(2008) compiled 14,000 samples from all types of writing and spoken language
to evaluate whether there was a difference in the way that men and women
use particular words. Computerized text analysis has opened new areas of
exploration, providing much more analytic leverage than in communication
studies where language is coded by hand, according to the authors:
Unfortunately, many previous studies have had fewer than 50 participants per cell. Larger samples are often difficult to collect when each
sample must be hand coded. The need to conserve coder time also reduces the number of features that can be coded in a single study. This
reality has focused attention toward features of language that can be
easily related to gender stereotypes (e.g., hedges), potentially missing
differences in less obvious language categories (e.g., pronouns). Thus,
a strategy that allowed for the efficient analysis of large samples of text
could help to create a more complete picture of gender differences in language use. (Newman, Groom, Handelman, & Pennebaker, 2008, p. 215)
Newman and his colleagues utilize LIWC, developed by Pennebaker, Francis,
and Booth (2001; Pennebaker et al., 2007). Scholars such as Pearson and Dancey
(2011) also use LIWC to analyze congressional speeches, and show that women
members of Congress are more likely to mention women, which the scholars
argue shows that the members of Congress are representing women’s issues.1
LIWC software categorizes specific words or word stems (more than 2,300
of them) based on the trait or quality attributed to the word:
These dimensions include standard language categories (e.g., articles,
prepositions, pronouns—including first person singular, first person
plural, etc.), psychological processes (e.g., positive and negative emotion categories, cognitive processes such as use of causation words,
self-discrepancies), relativity-related words (e.g., time, verb tense,
motion, space), and traditional content dimensions (e.g., sex, death,
home, occupation). (Pennebaker et al., 2003, p. 571)
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Pennebaker and his colleagues2 (2007) continue by noting that “independent judges” categorized words as measures of concepts in the software
dictionary; then the researchers used extensive procedures to ensure the reliability of the categorizations across the judges.3 It is important to note these
scholars all acknowledge that one possible flaw in this software is that it is unable to identify expressions such as sarcasm. For instance, if a candidate were
to say “I am going mad,” LIWC would categorize the term mad as a negative
emotion, rather than a term signifying a mental state.
Thus, Newman and his colleagues (2008) utilize the software to analyze
the gendered differences in word choice in the 14,000 files. They did not hypothesize a direction of relationship in the differences between female and
male word choice because of so many conflicting findings among previous
studies. However, the scholars did note that previous work finds that women
are more likely to use the word I than men; even though this seems contrary
to the conventional wisdom that men might be more selfish.4 To the extent
the authors did hypothesize, they
expected the largest differences to be found on function words because these words appear to be particularly good markers of how
individuals relate to the world. However, we also examined a range
of social and psychological process words, including references to
friends, family, and emotions, to better understand how men and
women differ in their language use. (Newman et al., 2008, p. 218)
Indeed, over all the word-choice categories considered together, the authors found statistically significant differences between male’s and female’s
language use. In particular, men swore more than women, and women were
more likely to say “I” than men. Female language was more likely to reference
emotions and “social processes.” Male language was more likely to emphasize
current concerns such as job or money. Men and women were just as likely
to use “tentative” words; women were more likely to be “certain.” The authors
argue that their findings are consistent with the idea that females and males
use language in order to accomplish different things.
What does that mean in the realm of a political campaign? Analyzing
the word choice of political candidates may give scholars insight not only
into communication style (debatestyle more specifically) but also may very
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well provide some insight into whether a certain debatestyle contributes
to a winning campaign. Of course, if the major interest is gender differences (which, given the underrepresentation of women in Congress and
other political offices, is a key scholarly interest), the first step to a successful analysis is to examine the debates using LIWC (or similar software
wherein the categorized words have been similarly vetted for measurement validity and reliability) to see if there are gender differences at all.
Indeed, Jones (2015) used LIWC to analyze Hillary Clinton’s word choice
over time. She found that Clinton used more and more masculine words
over time. Jones argues that her analysis “support[s] the notion that females may sub-consciously conform to a masculine style when engaging
in politics” (Jones, 2015, p. 13).
In the present research, we analyze U.S. Senate debates. We are not
the first scholars to conclude that debates are a good source of information concerning sex differences in candidates. Edelsky and Adams (1990)
argue that debates are a good medium to evaluate candidates because the
environment is seemingly equal. Through their study, they concluded that
when the rules are not followed and the debate becomes unequal, gender
qualities are more likely to show with an impact on the overall debate. This
study also argued that the moderator within the debate mattered regarding
the tempo of the debate. The moderator could enforce rules when needed
and could give candidates extra time to speak when they felt it was necessary. The study did not take into account how a moderator might affect
the word choice used by the candidates; it could be an area where further
research could be done. Benoit, Brazeal, and Airne (2007) studied the political debate environment as a medium for political communication. They
found that debates might be able to provide a relatively candid view of the
candidates because of the unanticipated questions and discussions that
arise throughout the debate.
Analyzing the word choices in debates may give us another realm in which
to examine gender roles. As politics has largely been controlled by men, analyzing how women are presenting themselves in this traditionally masculine field can give us insight about gender roles, their changes over time, and
then, possibly, how they are different in politics than in other fields. Further
research can be done, as well, on the differences in presentation of self when
comparing candidates of both genders.
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hyPOtheses
Our research question is: What are the differences in word usage between male
and female U.S. Senate candidates in their responses to debate questions? Our
hypothesis is that a female candidate’s word usage will be different from a male
candidate’s word usage, even when controlling for incumbency, political party,
and whether a candidate was vying for an open seat. The particular types of
words where we expect to see differences are the following, which serve as
dependent variables in a series of hypotheses: Inclusiveness, Exclusiveness,
Family, Social, Tentativeness, Certainty, Pronouns, Use of I, and Use of We.
We chose these categories to analyze in the present research because previous literature highlighted women’s use of the LIWC category labeled social
(Newman et al., 2008; see also Schwartz et al., 2013). Given the family and
social findings, we expected that female candidates might use more inclusive
and fewer exclusive words than male candidates. Newman and his colleagues
(2008, p. 215) cite research that indicates females may be more likely to hedge
than men. Even though Newman et al. found no difference in certainty versus
tentativeness, we nevertheless examine that difference on the analysis. Finally,
women are more likely to use pronouns, particularly I.

MethOds
For our study, we will be using a regression model5 and the LIWC text analysis software to test our hypotheses. The debate data were gathered from the
C-SPAN Video Library, where video and closed captioning (CC) of most U.S.
Senate debates are located. As a part of the network’s campaign coverage,
C-SPAN cooperated with local stations to provide the debates, which it has
been airing since 2002.6 Thus, we were able to transcribe each of 16 different
debates over the time period of 2010–2014 (covering a full electoral cycle of
U.S. Senate candidates). We started with CC transcripts and then checked
for typographical and other errors by listening to each debate, the video of
which was also located on the Video Library (see Figure 5.1 for a screen shot
of the New York U.S. Senate debate in 2012).7 Then, each debate is divided
into statements, similar to the work of Banwart and McKinney (2005). In
one case, for example, in the 2012 Wisconsin dmade 18 different statements.
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Figure 5.1 Screen shot of the 2012 New York U.S. Senate debate.

We use multiple methods to select the sample of debates for the analysis.
First, we stratified the debates according to what type of candidates and contests are represented (incumbent in office, open seat). 8 Then, we took into
account incumbency and partisanship. Finally, we looked at gender: Was a
woman debating another woman? Was a woman debating a man? Was a man
debating a man? Then, we randomly selected state/years within each category.
If there was more than one debate for each state and each year, we randomly
selected debates. Then, we checked the availability of each transcript.9 These
debates were analyzed:
•
•
•
•
•
•
•
•
•
•
•

Alaska, 2014
California, 2010
Hawaii, 2012
Iowa, 2014
Kansas, 2014
Maine, 2014
Nebraska, 2014
Nevada, 2010
New Hampshire, 2014
New Mexico, 2012
New York, 2012
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•
•
•
•
•

North Carolina, 2014
South Dakota, 2014
Vermont, 2012
West Virginia, 2014
Wisconsin, 2012

For this analysis, we watched debates available in the C-SPAN Video
Library to verify that the CC transcript was edited to include all words
used by each candidate when responding to questioning. The opening and
closing statements of each debate were not included in the data as they are
likely to be prepared beforehand and do not exhibit the qualities sought in
our analysis.
We then coded each statement for whether it was made by a woman, a
Democrat, a Republican, or an independent;10 for incumbency status; and for
whether the contest was an open seat or not. We also coded for the year in
which the statement was made; 2012 was a presidential election year, so we
consider 2012 versus 2010 and 2014. Our focal independent variable is candidate gender, but we are also able to control for the other factors mentioned
in this paragraph.
As noted before, the dependent variable is word use. Word choice is the
decision by an individual to use a specific word as opposed to other words.
Note that the LIWC program provides the number of words in each statement and the percentage of the words that are of each of the qualities. The
software codes candidate statements based on the established categories
given by LIWC. The data on candidate gender, the candidate’s partisanship,
the candidate’s incumbency, and the year of the debate constituted the independent variables.

resuLts
We analyzed a total of 942 candidate statements from the 16 debates. Table 5.1
indicates how many statements each candidate made and the percentage that
each individual contributed to the total number of statements that were analyzed. There is variation in the number of statements each candidate made
because some debates were longer than others.
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table 5.1 The Candidates and Number of Statements Each Made
Candidate, state, year

number of statements

Percentage of total

Angle, Nevada, 2010

26

2.76

Baldwin-Wisconsin, 2012

18

1.91

Begich, Alaska, 2014

21

2.23

Bellows, Maine, 2014

31

3.29

Bossi, South Carolina, 2014

13

1.38

Boxer, California, 2010

50

5.31

Braley, Iowa, 2014

31

3.29

Brown, New Hampshire, 2014

33

3.50

Capito, West Virginia, 2014

18

1.91

Collins, Maine, 2014

31

3.29

Diamondstone, Vermont, 2012

11

1.17

Dickerson, South Carolina, 2014

13

1.38

Domina, Nebraska, 2014

11

1.17

Ericson, Vermont, 2012

11

1.17

Ernst, Iowa, 2014

32

3.40

Fiorina, California, 2010

49

5.20

Gillibrand, New York, 2012

28

2.97

Hagan, North Carolina, 2014

29

3.08

Heinrich, New Mexico, 2012

26

2.76

Herono, Hawaii, 2012

25

2.65

Howie, South Dakota, 2014

9

0.96

Jenkins, Nebraska, 2014

11

1.17

Laframboise, Vermont, 2012

9

0.96

Lingle, Hawaii, 2012

24

2.55

Long, New York, 2012

32

3.40

MacGovern, Vermont, 2012

21

2.23

Moss, Vermont, 2012

9

0.96

Orman, Kansas, 2014

27

2.87

Pressler, South Dakota, 2014

8

0.85

Reid, Nevada, 2010

29

3.08

Roberts, Kansas, 2014

25

2.65

Rounds, South Dakota, 2014

8

0.85
Continued
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table 5.1 Continued
Candidate, state, year

number of statements

Percentage of total

Sanders, Vermont, 2012

19

2.02

Sasse, Nebraska, 2014

16

1.70

Scott, SouthCarolina, 2014

12

1.27

Shaheen, New Hampshire, 2014

33

3.50

Sullivan, Alaska, 2014

31

3.29

Tennant, West Virginia, 2014

20

2.12

Thompson, Wisconsin, 2012

17

1.80

Tillis, North Carolina, 2014

29

3.08

Watson, Nebraska, 2014

13

1.38

Weiland, South Dakota, 2014

8

0.85

Wilson, New Mexico, 2012

25

2.65

Total

942 statements

100%

Second, we present a bivariate analysis simply comparing female candidates
to male candidates on the dimensions of interest. We use difference-of-means
tests in order to compare the percentages of each type of words used in each
statement. Figure 5.2 shows the percentages of words and indicates there are
very few differences between male and female candidates in terms of word
use; the darker bars indicate male candidates (left); the lighter represent the
female candidates (right). Other than the use of I, where there are differences,
they are contrary to what we expect: male candidates are more likely to use
inclusive words and use the word we. On all other dimensions, there are no
statistically significant differences.
Do these results continue to hold when controlling for the other political
factors? Table 5.2 includes a series of Generalized Linear Model (GLM) regressions with a logit link function in order to analyze this question.
Table 5.2 indicates very few differences between male and female candidates.
Concerning gender, the only difference in the use of word is the use of the word
I, a finding that is marginally significant at best at p < 0.1 for a two-tailed test.
Note the use of the dummy variables affects the interpretation of the findings; when there are a series of dummy variables such as whether the candidate is vying for an open seat or whether the candidate is an incumbent or

*The differences between male and female candidates are statistically significant at the 0.0001 level.

Figure 5.2 Word-use comparisons between male and female candidates for U.S. Senate.

table 5.2 Results of GLM Regression on Various Types of Words
(1)

(2)

(3)

(4)

(5)

(6)

(7)

(8)

(9)

vAriAbLes

social

Family

tentativeness

Certainty

inclusiveness

exclusiveness

Pronouns

use of I

use of We

Woman

0.222

0.214

0.0692

0.0359

-0.0204

0.104

0.0535

0.233*

-0.196

(0.397)

(0.294)

(0.121)

(0.121)

(0.158)

(0.136)

(0.0990)

(0.120)

(0.171)

-0.346

-0.156

-0.111

-0.0542

-0.235

-0.216

-0.0498

-0.0198

-0.0584

(0.498)

(0.313)

(0.111)

(0.135)

(0.220)

(0.172)

(0.141)

(0.150)

(0.178)

0.571

0.376

0.103

-0.000378

0.417**

0.246

0.112

0.118

0.246

(0.454)

(0.426)

(0.102)

(0.149)

(0.192)

(0.151)

(0.151)

(0.141)

(0.205)

0.409

0.590

-0.0289

-0.0197

0.403

0.117

0.0899

0.0765

0.314

(0.824)

(0.418)

(0.139)

(0.207)

(0.297)

(0.213)

(0.173)

(0.176)

(0.253)

Open

1.427**

1.092***

-0.0548

0.264*

0.715***

0.308*

0.302**

0.0946

0.563***

(0.574)

(0.345)

(0.115)

(0.140)

(0.184)

(0.163)

(0.132)

(0.127)

(0.174)

Year is 2012

0.00929

-0.176

-0.168

0.0949

-0.0266

-0.0318

-0.0462

-0.303***

-0.0454

(0.532)

(0.395)

(0.118)

(0.202)

(0.226)

(0.177)

(0.159)

(0.0936)

(0.256)

-4.182***

-7.426***

-4.046***

-4.541***

-3.614***

-4.252***

-2.178***

-3.597***

-4.282***

(0.563)

(0.312)

(0.124)

(0.129)

(0.175)

(0.144)

(0.0969)

(0.118)

(0.157)

942

942

942

942

942

942

942

942

942

Democrat
Independent
Incumbent

Constant

Observations

Robust standard errors in parentheses. * p < 0.1, ** p < 0.05, *** p < 0.01
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not, each dummy variable in the series should be interpreted compared to the
one category left out. Candidates who are independent and not a member of
the Republican or Democratic Parties are more likely to use inclusive words.
Those vying for an open seat are more likely to use social and family words,
inclusive words and use the word we than are challengers.

COnCLusiOn
At this point, our evidence indicates that debate rhetoric may not be a
function of word choice based on gender, at least when it comes to the words
utilized by candidates during debates. The lack of difference between maleand female-candidate word choice is consistent with previous research on
debates (Banwart & McKinney, 2005), but not on other communication styles
such as tweets (Evans & Clark, 2015). However, previous work on word use
indicates that women and men use language differently, particularly their
use of inclusive and exclusive words, their use of words that demonstrated
tentativeness versus certainty, and their use of the pronouns I and we (e.g.,
Newman et al., 2008). The literature demonstrated that women tended to be
more tentative than men, use more pronouns, and used the word we more
often than men did in natural language.
However, Figure 5.2 and Table 5.2 show these parts of language and also
show that the women within these debates did not use these parts of language
in the same manner that the previous literature would have predicted in comparison to men. The bivariate tests demonstrated that the female candidates
actually used less-tentative word choice, were less inclusive, and used the word
we less often than their male counterparts. All of these findings were also statistically significant. However, when subjected to an analysis with control variables, gender simply did not differentiate the candidates. Partisanship (or lack
thereof) or whether the seat was open had more of an effect on word choice.
While finding almost no difference between male and female candidates is
not what we expected, there is an explanation offered in the literature that makes
sense of these findings. Because these female candidates are aware of gender
norms and it has been demonstrated that traits that voters seek within political
candidates tend to be more masculine, these female candidates are changing
their language to present themselves to the debate audience in a more masculine
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manner than the natural language used by women (Jones, 2015). Indeed, this is
an issue that merits more exploration as more women enter the political arena,
especially as women vie for high executive offices such as the presidency. The
C-SPAN Video Library provides scholars access to these debates. Certainly, this
methodology does not limit scholars to that study; LIWC affords scholars the
ability to analyze all levels of debates and a large number of them. Some of these
differences may be more evident in offices that one may consider entry level
(city council or school board). Large-scale text analysis cannot tell us whether
a candidate’s math adds up or not, but we argue it may provide leverage needed
for analysis of language use and candidate popularity or success.
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nOtes
1. Pearson and Dancey (2011) do not use the dictionaries created by Pennebaker
and his colleagues (2007). Rather, they use the software for a word count of “women.”
2. The 2007 version of the software (Pennebaker et al., 2007) is used to analyze
all the text in the present research, as it was the most updated version when the project began.
3. For detailed information about reliability of the standard dictionary used in
the software, see Pennebaker, Boyd, Jordan, & Blackburn (2015).
4. The authors state that the use of I is more likely from a depressed person and
women are more likely to be depressed.
5. For this analysis, we use GLM regression with a logit link function to take into
account the censored nature of the data (we also cluster on candidate: note our unit
of analysis). The dependent variable is a proportion of the parts of the speeches that
are each kind of word, so they vary from 0-1. However, we suspect that future iterations of this type of research will need to use a zero-inflated regression technique (not
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zero-inflated negative binomial as one would for a count-dependent variable because
of the heterogeneity in the number of words among speeches).
6. See “C-SPAN through the years . . .” (n.d.).
7. Note that CC transcripts are not available for all the debates. Where they were
unavailable, we searched online for the transcripts. Thus, the use of the debates is not
just driven by random sampling, but also by whether or not we could locate a transcript for the selected debate.
8. In other words, we have selected the debates using Kahn and Goldenberg’s
(1991) categorical groupings to obtain a relatively equal amount of all types of debates,
i.e., male v. female, incumbent Republican v. Democrat challenger, etc.
9. Those transcripts from 2010 were particularly hard to come by; therefore the
2010 debates were simply used based on pure availability.
10. We coded Bernie Sanders as both independent and Democrat.

reFerenCes
Alexander, D., & Andersen, K. (1993). Gender as a factor in the attribution of leadership traits. Political Research Quarterly, 46(3), 527–545.
Banwart, C. M., & McKinney, M. S. (2005). A gendered influence in campaign debates? Analysis of mixed-gender United States Senate and gubernatorial debates.
Communication Studies, 56(4), 353–373.
Benoit, William; Brazeal, L.M., Airne, D. (2007). A Functional Analysis of Televised
US Senate and Gubernatorial Campaign Debates. Argumentation & Advocacy,
44(2), 75-89.
Bystrom, D. G., Banwart, C. M., Kaid, L. L., & Robertson, T. A. (2004). Gender and
political candidate communication: Videostyle, webstyle, and newsstyle. New York,
NY: Routledge.
Center for American Women and Politics. (2016). Women in U.S. Congress 2015.
Retrieved from www.cawp.rutgers.edu/women-us-congress-2015
C-SPAN through the years . . . . (n.d.). Retrieved from http://www.c-span.org/about
/milestones/
Dolan, K. (2014). Gender stereotypes, candidate evaluations, and voting for women
candidates: What really matters? Political Research Quarterly, 67(1), 96–107.
Dolan, K., & Lynch, T. (2014). It takes a survey: Understanding gender stereotypes,
abstract attitudes, and voting for women candidates. American Politics Research,
42(4), 656–676.

100

ChAPter 5

Edelsky, C., & Adams, K. (1990). Creating inequality: Breaking the rules in debate.
Journal of Language and Social Psychology, 9(3), 171–190.
Evans, H. K. & Hayes Clark, J. (2015). “You tweet like a girl!” How female candidates campaign
on Twitter. American Politics Research. http://dx.doi.org/10.1177/1532673X15597747
Fulton, S. (2012). Running backwards and in high heels: The gendered quality gap
and incumbent electoral success. Political Research Quarterly, 65(2), 303–314.
Jones, J. (2015). “Talk like a man”: The linguistic appeal of Hillary Rodham Clinton.
Paper prepared for presentation at the 2015 meeting of the Western Political
Science Association. Retrieved from http://wpsa.research.pdx.edu/papers/docs
/jjjones_HRC_talk_like_a_man_3_30_15.pdf
Kahn, K. F. & Goldenberg, E. N. (1991). Women candidates in the news: An examination of gender differences in US Senate campaign coverage. Public Opinion
Quarterly, 55(2), 180–199.
Kropf, M. (2014). The impact of ranked choice voting on election cooperation and civility: Measuring public sentiment through a content analysis of campaign-related
communications. Paper presented at Stanford University Workshop on Electoral
System Reforms, March 14–15, 2014 (part of larger project; this part soleauthored). Retrieved from http://cddrl.fsi.stanford.edu/multimedia/electoral-system-reform-6. Also presented at the 2014 North Carolina Political Science
Association Conference, Cary, NC, February 27, 2014.
McKinney, M., & Carlin, D. B. (2004). Political campaign debates. In L. L. Kaid
(Ed.), Handbook of political communication research (pp. 203–234). Mahwah,
NJ: Lawrence Erlbaum.
Newman, M. L., Groom, C. J., Handelman, L. D., & Pennebaker, J. W. (2008). Gender
differences in language use: An analysis of 14,000 text samples. Discourse
Processes, 45(3), 211–236.
Pearson, K., & Dancey, L. (2011). Elevating women’s voices in Congress: Speech participation in the House of Representatives. Political Research Quarterly, 64(4),
910–923. http://dx.doi.org/10.1177/1065912910388190
Pennebaker, J. W., Boyd, R. L., Jordan, K., & Blackburn, K. (2015). The development
and psychometric properties of LIWC2015. Austin: University of Texas. http://dx
.doi.org/10.15781/T29G6Z. Retrieved from http://liwc.wpengine.com/wp-content
/uploads/2015/11/LIWC2015_LanguageManual.pdf
Pennebaker, J. W., Chung, C. K., Ireland, M., Gonzales, A., & Booth, R. J. (2007). The
development and psychometric properties of LIWC2007. Austin, TX: LIWC.net.

gendered Linguistics

101

Pennebaker, J. W., Francis, M. E., & Booth, R. J. (2001). Linguistic inquiry and word
count: LIWC 2001. Mahway, NJ: Lawrence Erlbaum.
Pennebaker, J. W., Mehl, M. R., & Niederhoffer, K. G. (2003). Psychological aspects
of natural language use: Our words, our selves. Annual Review of Psychology,
54, 547–577.
Schwartz, H. A., Eichstaedt, J. C., Kern, M. L., Dziurzynski, L., Ramones, S. M.,
Agrawal, M., . . . Ungar, L. H. (2013). Personality, gender, and age in the language of social media: The open-vocabulary approach. PLoS ONE, 8(9), e73791.
Retrieved from http://journals.plos.org/plosone/article?id=10.1371/journal
.pone.0073791
Yu, B., Kaufmann, S., & Diermeier, D. (2008). Exploring the characteristics of opinion expressions for political opinion classification. Proceedings of the 9th Annual
International Digital Government Research Conference. Retrieved from http://
beiyu.syr.edu/DGO2008.pdf

